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Algorithm 1: Affinity Propagation

Initialize t « 0,7(i,k) « 0,a(i, k) « 0 forall (i,k)

Repeat
Update r(i, k) messages and send to neighbors
Update a(i, k) messages and send to neighbors
Increase t «t+1

Until |Aa(i, k)| < o for all(i, k)
or iteration count > tyy-

Decoding Decisions
The set K = {k|r(k,k) + a(k,k) > 0}is choosen as
the exemplar set. And for each non-exemplar
point i, k, = argmaxyesx (r(i, k) + a(i, k)).
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Center Covariance matrix # of samples
G, |00 [1,0;0.1] 60
G, |©2-5 [0.5,0: 0,0.5] 20
G, |40 [1,-0.5;-0.5,11 120
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